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Although the bigger number of datasets gathered as LOD makes the better chance for data sharing and re-using,
it also makes more difficulty to understand the datasets themselves. Since each dataset has its own data structure,
we should understand them one by one. Since entities in datasets are interconnected, we furthermore understand
interconnection between datasets. So understanding data is crucial to exploit LOD. In this paper, we show a novel
system called DashSearch LD to understand and use LOD with exploratory search approach. The user interactively
explores datasets by viewing and selecting entities in them. She just operates widgets in the screen with the mouse,
e.g., moving and overlapping them, in order to check entities, draw detail data on them, and obtain other entities

linked by them.
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