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An Automatic Extraction Method of Workflow Knowledge from Biological Papers
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We research how to collect and reuse workflows (= analysis protocols) in order to develop a semantic web
service system for bioinformatics. We could collect only thirty workflows from biological papers by hand last year.
Therefore, we develop an automatic extraction method of workflows. Because in the workflow extraction from
papers it is most difficult problem to extract relation between workflow components, we use both dependency
analysis in NLP and case-frames for expressing workflows.
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Splice sites were predicted using NetGene2, Splice Predictor and GeneSplicer.
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