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In this paper, we propose knowledge symbiosis, a new concept for information exchanging for network. In order to realize

effective and useful information exchanging, we should consider processes to produce and to use information. We introduce

knowledgeable entity as producer and consumer of information, and model information exchanging as interaction of

knowledgeable entities. Since knowledge has variety and dynamics by nature, knowledgeable entities are rarely consistent.

Rather solving inconsistency is the important trigger of knowledge interaction. We show three different types of approach for

knowledge interaction, i.e., modeling as static relationship, modeling as dynamic relationship, and modeling as human

relationship. We identify tasks for each approach and show some of our work in progress for them.
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