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In this paper, we present an algorithm to detect and track multiple human faces in video clips. Both front shots
and side shots of a face from video clips can be detected within this algorithm. This algorithm learns Haar-Like
features of human faces with InfoBoost algorithm, using these features to detect faces in video clips and track the
detected faces with Kalman Filter. To achieve this, we project these features to a 3D model to create the classifier
that can detect side shots of a face. However the calculation needs a huge time. So we project the features in the
3D model to a 2D space with respect to many face orientations before the face tracking process begins.
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