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Visual Learning by Feature Construction Based on Tree Structure
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In developing a feature based visual learning method, the selection of features highly affects the performance of
the method. For example, although simple features such as pixel intensity can be used widely, they are inadequate
for complex learning tasks. In this paper, we propose two types of new visual learning methods which can solve
complex learning tasks and do not depend on learning tasks. In both methods, low-level features are combined
into a higher-level feature that is represented by a tree structure. The one is the appearance based method that
combines some small parts of the contours of an object into a key shape to recognize the object. The other is the
region based method that combines some local features of an object into a global feature which can fully represent

the whole object.
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