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We propose introducing a probabilistic method for image selection into the Web image gathering system. The
existing system consists of two step processing: (1) gathers HTML files of Web pages related to keywords, analyzes
them and fetches only Web images expected to be highly related to the keywords. (2) selects only relevant images
from the gathered images based on the image-feature-based clustering. In this paper, we propose constructing
a visual generative model based on the GMM (Gaussian Mixture Model) to represent the distribution of image
related to the keywords, and using it to select images in the Web image gathering system.
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