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TFS SVM
Classification of Activity Classes of Drugs Using SVM and TFS Representation of Chemical Structure

Y usuke Nakaba Y oshimasa Takahashi

Department of Knowledge-based Information Engineering, Toyohashi University of Technology

In the present work, we investigated an applicability of Support Vector Machine (SVM) for classification of
pharmacological activities of drugs. The numerical description of chemical structure of each drug was based the Topological
Fragment Spectra (TFS) which was reported by the authors. For the training we employed 49615 compounds that belong to
ten different activity classes. For a prediction set of 4962 drugs that were never used in the training, the SVM model
classified 86.8% of the drugsinto their own activity classes correctly.
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