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Textile Image Retrieval Using Specialists’ Knowledge
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Abstract: We propose a knowledge based image retrieval system. Traditional image retrieval systems measure degrees of
similarity based on Color, Texture, and Shape. However, when a specialist and a designer in clothing retrieve textile images,
they would rather use pattern, fabric, and usage based image retrieval systems than pixels based image retrieval systems. We
propose the image retrieval suit users by estimating attentions and purposes from specialists’ knowledge.
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