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Non-Neumann type program is a new term we defined here. Although similar word “Non-Neumann type computer” is
familiar to computer scientists, the word “non-Neumann type program” is at all new to them. And we also defined here the
word “Neumann type program” which is the opposite category to the notion of “Neumann type program”. There are some
important relations between non-Neumann type programs and Agents. Agents are different from simple automata in the
point that those have not only interior states but also interior programs. The interior programs of agents are a kind of non-
Neumann type programs which can be written in IF-THEN rules. Non-Neumann type programs can be a kind of logic
programs because those are Boolean functions. Boolean functions can also be represented by IF-THEN rules. Non-
Neumann type programs and IF-THEN rules have very important relations with agent based models of complex systems.
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