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In this paper, we propose a framework of Viewpoint-Based Clustering for the set of items in a transaction
database. Our cluster, called a star cluster, is constructed based on Self Mutual Information (SM1I) between items.
Intuitively speaking, SM1 evaluates a degree of correlation between two items e; and e;, where e; is considered
to be correlated with e; in the sense that occurrence of e; affects occurrence of e;. Making a point of an item,
called a core, our cluster consists of items each of which and the core gives their SM1I higher than a threshold.
That is, the items in the cluster are gathered under the core. Considering such a core as a viewpoint, we can
extract clusters depending on a given viewpoint. Thus, we can find similarity among the items in the sense that
each item is correlated with the core in a certain degree. This kind of similarity would be novel and increase the
possibility of finding interesting clusters which cannot be obtained by traditional methods such as K-means and

Nearest-Neighbor.
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