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In this paper, we propose an approach extracting local correlation between items from large databases. Local

correlation is the only feature under some condition in databases.

We represent a feature in databases using

association rule. But the relation representation between items using association rule has some programs. The
program of association rule is not considered correlation between items. Considering local correlation is solving two
programs in association rule mining. First, correlation between items can be considered using statistical measure.
Second, extracting local correlation utilize negative correlation that is not used in traditional correlation work. We
believe this approach extracting local correlation contributes datamining research area.
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