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A Method for Distinguishing Intentional Actions from Accidental Actions
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The realization of intellectual interface is expected, which can adapt naturally by guessing whether the behavior of human
is intentional or accidental. Although even human infants have the intention recognition ability, its engineering realization
has not been established yet. We pay attention to voice and physical movements, especially to prosody of voice and
movements of hands, because when a human did an accidental movement, we think that he tends to utter words and display
behavior unexpectedly. Then, we explored what kinds of features are necessary for distinguishing an intentional movement
from an accidental movement. In this study, we built a ball play game in a virtual space with a voice input and key inputs,
and carried out experiments in the environment. Then we show that the power and the timing of utterances are effective
features for distinguishing intentional actions from accidental actions.
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