The 18th Annual Conference of the Japanese Society for Artificial Intelligence, 200/

1H3-04

oodoodoodoodbood

Enhancement of Noisy Image based on Symbiotic Evolution

oooo*
Noriko Otani

oooo*?

Tomoaki Kimura

oooog*

Masamichi Shimura

1000000 00O0oOo0

Faculty of Environmental and Information Studies, Musashi Institute of Technology

“00IBMOOOO O00OOO0ODOO0OOO

LTO and Enterprise Tape Systems, IBM Japan, Ltd.

Using a committee decision machine is effective in enhancing the edge part of a noisy image without enhancing
its noise part. This paper proposes a novel method for learning parameters of a committee decision machine based
on symbiotic evolution. It is distinctive of symbiotic evolution that the best solution is found in various candidates

through genetic algorithms.

Our experimental results show that the committee decision machine learned with

the proposed method can enhance noisy images as well as that with the previous method. The number of linear
machines in the former decision machine is less than that of the latter, therefore, the time for enhancing with the

former is shorter than that of the latter.
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