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Most of multi-agent reinforcement learning algorithms aim to converge to a Nash equilibrium, but a Nash equilibrium is not
a good result in the prisoner’s dilemma (PD). On the other hand, there are several methods aiming to depart from bad Nash
equilibria, but they are effective only in PD-like games. In this paper, we construct an agent learning appropriate actions in both
PD-like and non-PD-like games through self-evaluations. The agent has two conditions for judging whether the game is like
PD or not and two methods which generate self-evaluations according to the judgement. We empirically show that the agents
properly learn good actions in both PD-like and non-PD-like iterated games.
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