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The solution search mechanisms of single population genetic algorithms (SPGAs) and the one of distributed
genetic algorithms (DGAs) are different. Generally, DGAs are reported to have higher performance than SPGAs.
But, for some specific problems, the performance of DGAs is not high enough. We propose a new method of
DGAs that combines the solution search mechanism of SPGAs and DGAs. As a result of some computational
experiments, the proposed method is found to have remarkable performance.
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