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A study on mining of frequent activity patterns considering stay duration

Kanako HATTORI Takashi KOISO Naoki IMASAKI
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In order to improve the profitability or the popularity, understanding austomers’ behavior is essential for commercial
facilities. A pedestrian tracking system, which can observe trgjectories of human movement, is expected to realize more
precise analysis on human activities compared to the previous manpowered survey . This pap er proposes a method to extract
frequent activity patterns out of the trgjectories considering stay duration aswell as order of visitingplaces.
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